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Design of Human Fall Detection System Based on YOLOvS Algorithm

ZHOU Hong-cheng, YANG Juan., XU Zhi-guo
(Jinling Institute of Technology, Nanjing 211169, China)

Abstract: Aiming at the fall risk of the elderly, children and the disabled, a video image human
fall detection method based on YOLOv5 algorithm is proposed. This method collects video data
through the CSI camera, trains and verifies the video data, and then judges the action posture
of the target person. The YOLOv5 algorithm connects the WiFi module of Raspberry Pi to
send the action posture information to the guardian’s mobile phone, and reminds the guardian
to rescue the fall person timely. Thus YOLOvVS5 algorithm improves the rescue efficiency. The
experimental results show that: 1) YOLOv5 algorithm has high recognition accuracy for stand-
ing and falling movements, but has relatively low recognition accuracy for squatting move-
ments. 2) The confidence coefficient of pictures in sufficient light environment is higher than
that of pictures in dark environment. 3) The speed and accuracy of YOLOvV5 algorithm in detec-
ting human motion are higher than that of Faster R-CNN algorithm.
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