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Abstract: Underground coal mine wireless sensor network is facing the problem of limited ener-
gy. It is urgent to study efficient data compression and collection methods to solve this prob-
lem. Distributed compressed sensing is an efficient data compression and collection method. An
underground coal mine image compression and collection method based on distributed com-
pressed sensing is proposed. The image is divided into multiple image blocks by column, and
each image block is compressed and encoded separately. Then they are jointly recovered in the
server by utilizing intra-signal correlation and inter-signal correlation. The experimental results
show that, under the same compression rate, the method in this paper can obtain better image
quality than compressed sensing, and it takes less time to restore the image and has stronger
real-time performance.
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