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Survey of the Research on the Rewriting of
Intelligent Multi Round Dialogue
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Abstract: The pronoun reference and omission are the key problems in multi round dialogue
technology, which directly affect the accuracy of multi round dialogue. The purpose of this pa-
per is to provide a complete picture for the researchers by introducing the definition, the basic
idea, the model and method, the current corpus and evaluation indicator, and the future devel-
opment trend etc. of multi round dialogue rewriting of pronoun reference and omission, which
could be used to provide reference for relevant research.
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