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A Crowdsourcing-based Data Annotation System

ZHU Zi-jian', CAI Shu-lin"?, ZHANG Mo-xuan', SHI Jia-jia' , ZHAO Hai-feng'”
(1. Jinling Institute of Technology, Nanjing 211169, China; 2. Zhejiang University, Ningbo 315000, China)

Abstract: In this paper, we propose a crowdsourcing-based data annotation system, which can
be used for real-time manual labelling and verification of large-scale data. The main roles in the
system are administrators and annotated users. The main functions of the administrator are us-
er management and image management. The main functions of the annotation users are person-
al information management and data annotation management. We adopt SSM framework to im-
plement the core logic of the whole system. We implement the operation of the MySQL data-
base by encapsulating JDBC with MyBatis. The front-end of the system is implemented using
JSP and Boostrap. The test image dataset is captured by crawlers. The tests are conducted to
verify the effectiveness of the system.
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