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An Anti-Packet-Loss Cubature-Kalman-Filtering Target Tracking
Algorithm for Sensor Networks

FANG Xu-ming, CHEN Ying
(Jingling Institute of Technology, Nanjing 211169, China)

Abstract; Kalman filtering is one of the most commonly used target tracking techniques in
Gauss-noise Wireless Sensor Networks. Because wireless sensor networks are of the randomly
deployed in a number of complex environments, the communication between nodes will appear
the phenomenon of packet loss. For the traditional Kalman filter, packet loss will greatly re-
duce the accuracy and robustness of the target tracking. To solve this problem, we fuse the
Bernoulli process model describing packet loss into a cubature Kalman filter and propose an an-
ti-packet-loss target tracking algorithm for Wireless Sensor Networks. The simulation results
show that the proposed algorithm is more accurate and robust than the existing Kalman filte-
ring target tracking algorithm at different packet loss rates.
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