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Some Proofs of Mathematical Theory about Convolutional Neural Network

LI Qin-feng
(Jinling Institute of Technology, Nanjing 211169, China)

Abstract: Convolutional neural network is an important network model in the field of deep
learning. Based on the basic three-layer and five-layer convolutional neural network models,
this paper provides a detailed theoretical proof about the validity of convolutional neural net-
work parameter adjustment and the method of parameter adjustment, employing piecemeal
mathematical theories. Part of the implementation details during construction are explained
theoretically. It breaks through the traditional validity description based on experimental re-
sults, lays the theoretical foundation to a certain extent and provides a certain reference for the
efficiency improvement of the convolutional neural network model.
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