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Classification Algorithm of Virtual Sample Optimization Based on

the Large Margin Criterion
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Abstract: In the training data-set, some classes are located very close to, or mixed with the
samples from other classes, therefore the latter are called marginal heterogeneous samples. In
this case, the class center is close to these marginal heterogeneous ones, and impairs the classi-
fication accuracy. Based on the ideology of large margin, we propose a new classification algo-
rithm, to modify the minimum class center classifier. Our proposed algorithm will work out
one virtual sample for each class, which is supposed to be distant from marginal heterogeneous
samples; finally the virtual sample is taken for classification instead of the class center. There-
fore, the virtual sample is farther to the marginal heterogeneous samples than the class center,
and the reliability of classification is enhanced. The experimental results on CENPARMI hand-
written numerals database and Yale B face database show that our proposed classifier outper-
form the minimum class center classifier.
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